TR

No.41 (2025)

5 DX/Al DER

04  XN=XLBAEZIET S Al EHORBEHNR L EB

Creation and Practice of Al Technology to
Support Mechanism Clarification

Takehisa Kohira

BR &' B B FH EE”
Mitsugu Mera Takamasa Adachi Masanori Honda
INEORIRT BE OBET O AE BH

Hiromasa Kemmotsu Toshiki Kondo

C=

- A - HRICEADBZRABARFRT —ZIST L, XAZXLERZZE L THIER H PR DIEIC
DRFBI-HDDRB L B3 AN - 7O XOEIIZBIELTWVWS, AIRTIE, ANERLPTVRLIE -
AR CDICERRFTH - BRMZRENICHIHTES L S5BREL, EOHVORBD A KT ZDBERAE

BHCDOWTHRET S,
Abstract

For a wide variety of large-scale data related to machines, people, and society, we are aiming to establish Al

technologies and processes that will serve as an analysis platform to support mechanism clarification and

promote value creation and efficiency. In this paper, we report on some of our own Al technologies that we have

developed and applied to actively extract important features and relationships, along with processing and

visualization that are easy for humans to understand.
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Fig. 1 Our Al Technology Concept to Support
Mechanism Clarification
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Fig. 2 The Flowchart of “Graph Structured Analy5|s”,
Kind of Unsupervised Machine Learning
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Fig. 3 Measurement Points (Nodes) of Aerodynamic
Pressure Fluctuations on the Car Body Surface and
Some Images of their Time Series Data"”

Fig. 4 Results of Analyzing and Visualizing the
Relationships among Nodes"”
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Fig. 5 The Flowchart of “Chained Random Forest
Factor Structure Analysis”, A Kind of Supervised
Machine Learning
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Fig. 9 The Flowchart of “Sparse Modeling”, A Kind of
Supervised Machine Learning
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Fig. 11 Pre-Processing of Cross-Sectional Imagesm
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